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— 1, B, WERAIT — RO FEDOVEDIZ, T—XBHMENERPSEL D EE X,
T R DIREFFEE % 323 Perron-Frobenius fEfZE 2 2 T2 HENMFEHZEDTWS. HIZE, K
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Ko(x) = ¢(h(x))
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H %7737 Hilbert 22ffl& U, K & H EOMIEAEHR, veH &35, KETIE, BRE nIZH
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